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ABSTRACT:Acampusplacementpredictio

n system is developed to calculatethe 

possibility of a student getting jobs in 

acompany through campus placements. 

Themodeltakesmanyparameterswhichcanb

eused to get an idea about the skill level 

ofthestudent.Whilesomedataaretakenfromt

hecollegelevellikeacademicperformance, 

CGPA, Internships, 

Stream,Backlogsetc.,othersareobtainedfro

mtestsconductedintheplacementmanageme

ntsystem.Combiningthesedatapoints, the 

model is to accurately predict ifthe student 

will or will not be placed in acompany. 

Regression analysisisused inplacement 

prediction to determine the 

linkbetweennumerousvariables,includinga

cademic achievement, skill set, prior 

jobexperience,andthelikelihoodofbeinghire

dbyafirm.Decisiontreesareemployedinthepl

acementpredictionscenariotosimulatethehir

ingprocess 

decision-

makingofbusinesses.Neuralnetworks are 

used in placement 

predictiontorepresenttheintricateconnectio

nsbetween many elements that influence 

thelikelihoodof beinghired byafirm. 

INTRODUCTION 

Inordertoanticipateplacement,informat

ion is gathered from a 

varietyofsources,includingacademictra

nscripts,resumes,andpriorjobexperienc

e.Afterthat,thisdataiscleansed and 

preprocessed to 

removeanydiscrepanciesormistakes.Af

terbeing cleaned, the data is divided 

intotwocategories:trainingdataandtesti

ngdata.Themachinelearningalgorithm 

is trained using the trainingdata, and 

its effectiveness is assessedusing the 

testing data. The system 

istaughtusingavarietyofmethods,includ

ingneuralnetworks,decisiontrees,andre

gression analysis. 
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Mainpurposeofthisprojectistopredictthestu

dentplacementpredictionusingmachinelear

ning.Hence,thiswillhelpstudentsforbetterpl

acement.Forinstitutions,itwillhelptobuildbe

tterplacementsandacademicrecordsaswellto

attract new admissions as well as 

togetreputation. 

The primary objective of campus hiring 

istoidentifyandhiretalentedindividualswho

 are 

abouttograduatefromtheeducationalinstituti

ons.So,withthehelpofmachinelearningalgor

ithmswecaneasilyknowaboutthestudentswh

oaregoing to b 

 
PROPOSEDSYSTEM 

 
The project object is designed and 

thedata is collected by the college, 

aftercollecting the data we divided the 

datainto training and testing datasets. 

Thedataisseparatedintodependentvaria

blesandindependentvariablesandthenth

eoutliers areremoved. 

• Modelistrainedwithtrainingdata. 

• Themodelisfine-

tunedandthetrainingdataisfurth

erclassifiedaccordingtothepara

metersspecifiedinthemodel. 

After training the model the 

testingdatasetwhichwasstoredearlierisproce

ssedtothemodelfortheprediction 

advantages 

 

• Inastudentplacementprediction

project,youcoulduseSVMforits

effectivenessinhigh-

dimensional spacesif 

youhavelargenumberoffeatures

. 

• Decision trees might be 

usefulfortheirinterpretability,es

peciallyifyouwanttoexplainthe

modeltostakeholders. 

• Logisticregressioncouldbehand

yforprovidingprobabilitiesofpl

acementoutcomes, while 

random forestcould offer 

robustness 

againstoverfittingandinsightsin

tofeatureimportance. 

• Theaccuracyismorewhenweareusi

ng SVM. 

 

LITERATURESURVEY 

 
WiltonandK.Y.Lawconductedastudytopred

ictsuitablecourseforthestudents,basedonthe

irbehaviorusingNeuralNetworkTechnique.

Tensorflowengineincludesnumberofinterm

ediatenodeandnumberofdeeplearninglayers

areadjustedandcompared. 
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Itseemslikeyou'resummarizingastudycondu

ctedbyWiltonandK.Y.Lawwheretheyusedn

euralnetworktechniques,particularlyutilizin

gTensorFlow,topredictsuitablecourses for 

students based on theirbehavior.Theylikely 

experimented withadjusting thenumber of 

intermediate nodesand the depth of the 

neural network layersto compare 

theireffectivenessinpredictingsuitablecourse

s.Dr. A Padmapriya (November 2012) 

Datamining algorithm Decision 

TreeInductionis best when compared to 

Naive BayesianClassifier according

 toClassificationAccuracymisclassific

ationRate,Speed&SizeonstudentsPersonalD

ata, 

Precollegedata 

& UnderGraduation 

DatatopredictHigherEducationAdmissibi

lity. 

Dr.APadmapriya'sstudyinNovember2012c

omparedtheperformanceofthedataminingal

gorithmDecisionTreeInductionwiththeNaiv

eBayesianClassifier.Thecomparisonwas

 based on several

 criteriaincluding 

 Classification

 Accuracy,MisclassificationR

ate,Speed,andSizeofthemodels.Thedatasetu

sedinthestudycomprisedstudents'PersonalD

ata,Pre-

collegedata,andUndergraduationData, 

withtheaimofpredictingHigherEducationA

dmissibility. 

nimesh.G al, 2016 have proposed a 

systemto predict the probability of 

astudent beingplaced using k nearest 

neighbour 

classifier.EuclideanDistanceinusedasadista

ncemeasure.Thedatasetinvolvesacademichi

storyofastudentsuchas10thpercentage,12th 

percentage, aggregate of engineeringscores 

and number of backlogsFurther 

postprocessingisdoneusingscoresofTechnic

alskillsCommunicationskills,AnalyticalSki

lls

 andas

wellasTeamworkscoreareused. 

Animesh.Gandcolleagues'systemproposedi

n2016aimstopredicttheprobabilityofastude

nt being placed in a job or internship 

usingthek-nearestneighbor(k-

NN)classifier.Thesystem incorporates 

various aspects 

ofastudent'sacademichistory,includingtheir

10thpercentage,12thpercentage,aggregates

coresofengineeringcourses,andthenumbero

fbacklogs. 

In addition to academic factors, the 

systemconsiders post-processing

 byincorporatingscoresrela

tedtotechnicalskills 

,communicationskills,analyticalskills,andtea

mwork.Theseadditionalscoresofferamore

 holistic assessment of

 students' 
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capabilitiesbeyondtheiracademicperforman

cealone. 

RELATEDWORK 

Employmentprojectionprojectsusingmachi

nelearningcanbeeconomicallyfeasibleifimp

lementedproperly.Herearesomefactorstoco

nsiderregardingtheeconomicfeasibilityofsu

chaproject: 

**Data Availability and Quality**: 

Theavailabilityandqualityofhistoricalemplo

ymentdataarecrucialfortrainingmachinelear

ningmodels.Ifhigh-quality data is readily 

available or canbecollectedata

 reasonable

cost,itenhancesthefeasibilityoftheproject. 

**Model Development

 Costs**:Developingmachin

elearningmodelscanrequiresignificantupfro

ntinvestmentintermsofexpertise,infrastruct

ure,andtime.However,theavailabilityof 

open-sourcelibrariesandframeworks,along 

with cloud computing services, 

hasloweredthebarrierstoentryinthisfield 

**Model Training and 

Maintenance**:Once developed, machine 

learning 

modelsrequireperiodicupdatesandmaintena

ncetoremain accurate and relevant. The 

cost ofretraining modelsand 

updatingalgorithmsshouldbefactoredintoth

eoveralleconomicfeasibility. 

**AccuracyandPerformance**:Theaccur

acy and performance of the 

machinelearningmodels in predicting 

employmenttrends play a crucial role in 

determiningeconomic feasibility.Higher 

accuracy canleadtobetterdecision-

makingandpotentiallysignificantcostsaving

sorrevenuegeneration. 

**Return  on  Investment 

 (ROI)**:Economicfeasibilityulti

matelydependsonwhether

 thebenefits derived from

 theemploymentprojectionproject

outweighthe   costs   

 incurred.Thesebenefitscouldincl

udemoreefficientworkforceplanning,reduce

dhiringcosts,improvedresourceallocation,a

ndbetterstrategicdecision-making. 

**MarketDemand**:Assessingthemarket 

demand for employment 

projectionsolutions andpotential revenue 

streams isessential. Organizations may be 

willing toinvest in such solutions iftheysee 

tangiblebenefitsintermsofcostsavingsorco

mpetitiveadvantages. 

**Regulatory  and 

 EthicalConsiderations**: 

Compliance with dataprivacy

 regulations  
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affecting the 

economicviabilityoftheproject. 

 

 
 

**Scalability**: The ability 

 toscaletheemployment

projectionprojecttohandlelargerdatasetsors

erveagrowingnumberofusersisimportantfor

long-term   economic 

feasibility.Scalabilityensuresthattheproject

canadapttochangingbusinessneedsandmark

etconditions. 

SAMPLE RESULTS 
 

 

 

 

 

 

 

 

 

 
CONCLUSION 

Thelikelihoodthatastudentwillbehiredbyafi

rm 

maybepredictedusingplacementpredictionu

tilizingmachinelearning techniques. The 

application 

ofmachinelearningalgorithmsoffersamore

  data-driven and 

 objectiveapproachtothehiringproc

ess,allowingbusinessestofindpotentialappli

cantswhowouldhavegoneunnoticedusingco

nventionalhiringtechniques.Machine 

 learning  

 isbecomingmoreandmoreprevalen

tacross a wide  range  of 

 sectors,andplacement 

 prediction  

 usingmachinelearningalgorithmsi

spoisedto become a   crucial 

 tool inthehiringprocess. 
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